CpaBHeHUe METOLOB OLEHOK MAOTHOCTE
Ha KOHEYHbIX pa3Mepax BblIOOPOK.

SApowenko Anrennna, neuna dapbs
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[locTaHoBKa 3a4a4u

3ayem oueHuBaTb 3HTPONUIO?

@ OueHka nponyckHoii cnocobHocTn kaHana

4 nOCTpOGHVIe CTpaTeFVIﬁ Onsa MeEToA0M
ceMmnanpoBaHuA

o TeopeTuyeckas nHTepnpeTaunst paboTbl HEAPOHHbIX
ceTel



[locTaHoBKa 3a4a4u

OLI,eHI/IBaeM bli NHTErpan:

H(x) = - f £(x)In F(x)dx

(e9)
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VceyeHHoe [ayccoBckoe pacnpeneneHue

Truncated Gaussian Distribution
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3afaya paccMaTpuBaEeTCs B MPOCTPAHCTBAX pa3mepHocTeid 5,
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[Ilpegnonaraemblie pesynbTaThl
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PesynbTaThl

dim = 5, sigma = 0.1, truncated
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PesynbTaThl

dim = 10, sigma = 0.1, truncated
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PesynbTaThl

dim = 15, sigma = 0.1
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PesynbTaThl

(*] TeOpeTI/IHeCKVI onTManbHblE BECaA AOBOJIbHO pPE€AKO AAKOT
Ka4eCTBEHHbIA pe3ynbTaT

@ MeToabl JOBONBHO CUMLHO 3aBUCAT OT KOJIMYECTBa
bavxkaiiwnx cocepei



Bknaa y4acTHMKOB KOMaHbl

SApowerHko AHrenmnHa:
o Peanuzauyma KL n wKL, nonck
o [logrotoBka npeseHTauum
Nneuna Hapbs:
@ [loaroToBka BbIbOPOK
o [logroToBka npeseHTauum

@ [opbop napametpos gnss KDE



